Prioritizing regions for conservation is essential for effectively allocating limited 1 1 conservation resources. One of the most common approaches to prioritization is identifying 1 2 regions with the highest biodiversity, or hotspots, typically using global range map data. Range 1 3 maps are readily available at large scales for an array of taxa, but are also known to differ from 1 4
species. Since all range maps (except those previously discussed) were included in the analyses 1 0 4 regardless of whether the species was observed in survey data, total range richness is higher for 1 0 5 range map data than survey data. Point richness estimates for both data types were made at the starting position of each 1 0 7 BBS survey route. For survey data, estimates were the number of species recorded at any time on 1 0 8 each route over the ten-year survey period (2005) (2006) (2007) (2008) (2009) (2010) (2011) (2012) (2013) (2014) (2015) . All sites were included regardless of the range data respectively. As previously discussed, the rarity proportion is sensitive to variation in 1 1 9 the intensity of spatial sampling, as a species could be considered rare due to a lack of sampling 1 2 0 locations within its range. Richness estimates for rare species were therefore based on a subset of 1 2 1 sites adjusted to have consistent sampling intensity across the study area. This subset was made 1 2 2 up of three randomly selected sites from within 100 km 2 cells across North America. Cells 1 2 3 containing less than three sites were excluded. This combination of cell size and number of 1 2 4 samples was sufficient to address the bias while retaining a sufficient percentage of the data for a 1 2 5 meaningful analysis. The sites or cells with species richness in the top 5% were identified as hotspots, a 1 2 7 commonly used cutoff for such analyses 4, 16 . Hotspot locations based on survey data were 1 2 8 compared to those based on range map data. The percent of hotspots that were shared between 1 2 9 range map and survey based approaches was calculated by direct site-to-site and cell-to-cell 1 3 0 comparisons. Maps of hotspot locations for species richness showed both similarities and notable likely due at least in part to the much higher spatial autocorrelation inherent in range map data 18 .
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Heavily concentrated priority areas occur primarily in the northern Rockies, the Colorado 1 4 5
Plateau, and the Great Lakes Region into Lake Winnipeg. Smaller hotspots were also identified 1 4 6 in the mountains of northern California and New York. In general range map data show a much 1 4 7 higher concentration of hotspots in the Rocky Mountains and a general absence of the hotspots Superior, Lake Ontario, the northern Rockies and the Colorado Plateau (Figure 1 ). This resulted 1 5 8 in more similar maps and greater hotspot similarity, 41%, between the survey and range map 1 5 9
relative to the site level (Figure 3 ). However, range maps gave higher priority to the Colorado 1 6 0 Plateau than the survey maps which prioritized the Great Lakes region and northern states more and British Columbia for survey maps. Hotspots for rare species had 42% overlap at the site 1 6 7 level and 44% at the cell level ( Figure 3 ). hotspots were in qualitatively similar regions for both data types, direct site comparison showed 1 7 5 only a 22% overlap ( Figure 3 ) and there were large regions for which there was high biodiversity 1 7 6 for one data type and low biodiversity for the other. Aggregation to the cell level increased 1 7 7 regional consistency qualitatively but still resulted in only 42% overlap between identified 1 7 8 hotspots for the two data types (Figure 3) . Even for regions prioritized by both data types, maps 1 7 9 differ notably in which regions are most heavily emphasized. The Colorado Plateau has the 1 8 0 largest concentration of hotspots for range maps and only a few for survey maps, while the 1 8 1 reverse is true of the northeast with many hotspots for survey data and few hotspots for range 1 8 2 map data. These discrepancies highlight the necessity for understanding the drivers of difference 1 8 3 between data types and identifying the appropriate contexts for each to ensure the most informed were qualitatively consistent across data type and level, with hotspots along the western coast 1 9 0 and on the Colorado Plateau. Greater overlap in hotspots for rare species compared to overall 1 9 1 richness could be attributed to the different drivers that total richness and richness of rare species 1 9 2 respond to. Species richness patterns are driven primarily by species with wide ranges and 1 9 3 therefore drivers such as area, habitat heterogeneity and productivity 23 . In contrast, the most 1 9 4 important driver for rare species is topographic heterogeneity 23 . Topographic heterogeneity is 1 9 5 also generally positively associated with range map richness but negatively associated with 1 9 6 survey richness 18 . Since range map richness and the richness of rare species are both positively higher congruence between data types for rare species than for common ones. To use both data 1 9 9 types effectively further work is needed to understand the drivers of consistencies and 2 0 0 inconsistencies between data types. In choosing a data type for future prioritizations, one approach is to match the scale of the 2 0 2 data type to the scale at which decisions are being made. Our cell level analyses were performed 2 0 3 at a resolution of approximately 1 degree (100 km 2 cells), a resolution typical for range map-2 0 4 based prioritizations. However, this is a coarser grain than would typically be used for local The mismatch between the resolution of range map data and the scale of conservation biodiversity patterns more representative of reality at the scales important for conservation. However, the use of survey data does present challenges. Important considerations for survey 2 1 5 data use include the difficulty in accounting for incomplete surveys due to imperfect 2 1 6 detectability 24 and the availability of high quality data for a variety of taxa and locations 25 . Methods developed to adjust for imperfect detectability show estimated richness patterns that are 2 1 8 highly correlated with observed richness in birds, indicating that detectability likely does not 2 1 9 have a large influence on spatial patterns of richness 26 . The increased availability of high-quality 2 2 0 survey data through community science and large-scale government efforts means that using 2 2 1 survey data in place of range map data is increasingly possible for a greater variety of taxa.
2
Efforts like the National Ecological Observatory Network and burgeoning community science 2 2 3 programs will assure that more data for survey based assessments is available in the future. The 2 2 4
